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Abstract 

No matter their age, gender, race, color, or region, everyone enjoys watching films particularly during 

festival season. We are all, in the most basic sense, connected to one another through this beautiful 

medium, but what really grabs attention is the fact that, regardless of how unique our choices and 

combinations are in terms of picture show preference, one thing remains constant. Certain people have 

a preference for certain types of movies, such as romance, sci-fi, or thrillers, while others focus on lead 

actors and directors. Having said that, a certain segment of the public continues to enjoy seeing such 

films. In this paper, the recommendation towards seasonal-based shows, such as Christmas eve, New 

Year, Valentine’s Day, Independence Day, Halloween, etc., are discussed using hybrid approach with 

user interest in various OTT (over-the-top) platforms. 
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INTRODUCTION 

Machine learning, a field that allows computers to learn without direct programming, grants these 

devices the captivating capability to acquire knowledge on their own. This gives computers an 

advantage over humans. These days, machine learning is being actively applied, possibly more 

frequently than one might think.  

 

Recommender systems are made to make recommendations to the user based on a variety of 

alternative factors [1]. 

 

Several popular methods for recommended systems include the following: 

1. Content-based filtering 

2. Collaborative filtering 

3. Hybrid filtering 

 

Content-Based Filtering 

This approach arranges items based on the user's 

individual preferences. The user's previous ratings 

are used to determine the result shown in Figure 1. 

Content-based filtering depends on the item's 

description and the user's preference profile. In 

content-based filtering, we employ keywords other 

than the user's profile to describe goods and convey 

the user's likes and dislikes. Put differently, content-

based filtering algorithms suggest products that are 

either identical to or similar to those that customers 
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have previously found appealing. It examines items that have been rated before and recommends the 

one that closely aligns with those ratings [2, 3]. 

 

Collaborative Filtering 

Collaborative filtering provides a result based on all users and is dependent on people with similar 

interests as shown in Figure 2.  

 

 
Figure 1. Content-based filtering movie recommendation to user A. 

 

 
Figure 2. Collaborative filtering movies watched by user A are recommended to user B. 
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User-based: It is assumed that a user will enjoy products that are enjoyed by other users who share 

similar tastes in user-based collaborative filtering. 

 

Item-based: Items are suggested using a collaborative filtering mechanism based on user and/or item 

similarity metrics. The system suggests products based on what other users who are similar to you have 

chosen. 

 

This type of collaborative filtering is distinct in that it anticipates users to favour items that are 

connected to those they have already shown interest in [2, 3]. 

 

Hybrid Filtering 

Hybrid filtering, widely recognized as the prevailing technique today, entails integrating both 

collaborative filtering and content-based filtering. This approach effectively addresses the shortcomings 

inherent in each individual recommender technique depicted in Figure 3 [2, 3]. 

 

LITERATURE REVIEW  

The first recommendation system was created in 1990 and was based on the tapestry, an e-commerce 

recommender. Grundy, a computer-based librarian, first used the term "recommender system" in 1979. 

Following that, a number of recommendation systems utilizing diverse technologies were developed. 

Recommendation systems using various technologies are widely accessible nowadays and can be found 

in a variety of sectors.  

 

An overview survey that includes all the recommendation system's details was proposed. Sharma and 

Dutta [1] and Singh et al. [2] introduced the recommendation system by utilizing the K-nearest neighbor 

(KNN) algorithm in conjunction with the cosine similarity notion. This time, we looked into cosine 

similarities. 

 

A collaborative filtering approach–based movie recommendation system called MOVREC was 

proposed, in which recommendations are generated by collaborative filtering by using data collected 

from all users [3–5]. The authors suggested a collaborative recommender system based on space-time 

similarities in this work [6]. 

 

 
Figure 3. Hybrid approach: Movies watched by user A that are similar to movies watched by user B 

are recommeded to user B. 
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Figure 4. Architecture of seasonal-based movie recommendation. 

 
In order to help with the ideas, a recommendation system based on percentage view criterion was 

suggested in this work [7]. Peng et al. [8] suggested a quick overview of the many kinds of recommender 
systems and how they are used. The electronic commerce recommendation system used in this paper 
looks similar and uses the collaborative filtering algorithm as its specialty to provide a personalized 
movie recommendation system [9]. 

 
In their study, Sharma and Mann [10] examined a number of recommendation strategies, including 

content-based, hybrid, and collaborative approaches. It delineates the advantages and disadvantages of 
these approaches [11], explores various techniques in generating recommender systems [12], and 
introduces an innovative concept for utilizing user similarity and opinion mining in recommender systems. 

 
These papers introduce a recommender system designed for e-commerce platforms, focusing on the 

analysis of both traditional ensemble learning and multi-level ensemble learning in the context of 
recommender systems [13, 14]. The study places emphasis on the development of recommender 
systems, incorporating stack generalization as a key technique. Additionally, a movie recommendation 
survey that relies on the weighted average of attributes is presented. 

 
PROBLEM STATEMENT  

This research was inspired by the fact that users lose their precious time looking for films during the 
festival season [15]. To address that, this paper tries to create a system that recommends films to people 
at popular festival times like Halloween, Christmas Eve, New Year's Eve, Valentine's Day, 
Independence Day, and so on [16]. 
 

Objectives  

1. To create a movie recommendation system using machine learning.  
2. To reduce the amount of time customers spend searching and providing them with the most  

likely shows. 
3. To gather information on movie preferences in various over-the-top (OTT) platforms during the 

festival season in order to make recommendations.  
 

System Architecture 

As shown in Figure 4, the seasonal-based movie dataset is collected and preprocessed, and then the 
model is trained using a hybrid approach to recommend the movie with respect to the user. 
 

Recommendation of seasonal-based movie involves five basic steps in the proposed system 
architecture:  

1. Step 1: All the various festival- and seasonal-based movie data sets are collected.  

2. Step 2: Collected data is preprocessed, which includes data cleaning, data transformation, and 

data reduction.  
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3. Step 3: The data set is trained and tested. 

4. Step 4: Using a hybrid approach, the dataset is classified.  
5. Step 5: A recommendation to the user is provided with respect to their choice on the 

corresponding festival occasion.  
 

PROPOSED WORK  

During festival season, users can search for movies related to the corresponding festival. The user 

will get a recommendation with respect to the movies watched during the festival season by various 
users previously. In this, using hybrid approach of recommendation model the data is trained and 

recommended to the user. Figure 4 explains the process involved in the seasonal-based recommendation 
of movies.  

 

Applications 

i It is compatible with a variety of OTT services, including HBO, Amazon Prime, Jio Cinema, 

Netflix, YouTube, Hot Star and so on.  
ii It is capable of predicting recommendations that are roughly or almost correct. 

iii The recommendation system will also be utilized in a variety of industries, including e-
commerce, books, music, fashion, jobs, and the medical area. 

 

CONCLUSION 

In our study, we introduced a movie recommendation system leveraging machine learning 
techniques. It gives the user the option to select from a predefined list of criteria among different 

seasonal films, and then it makes recommendations depending on the selections made by the user. 
Because there are no appropriate or inappropriate suggestions in our system, evaluating performance is 

a challenging procedure. It is only an issue of opinion. They gave our informal assessments of a small 
set of user's positive feedback. It would be better to have more data so that our system can generate 

more intelligent results. We also plan to compare the results of applying various machine learning and 
clustering algorithms. 
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