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Abstract 

This is an article on empirical economics and computer data processing that discusses how 
computational technology have changed empirical research methods. It analyses how computer systems 
have changed data management, statistical modelling, and econometric analysis, focussing on large-
scale data processing, algorithmic efficiency, and repeatability. Forecasting, policy simulation, and 
panel data analysis are key uses. The paper also addresses data quality, computational, and ethical 
issues in economic data use. The paper highlights data science's expanding influence on economic 
inquiry by combining empirical methodologies with computational tools. Computer technology in the 
development of modern society is becoming increasingly prominent. Computer data processing 
technology, as an important computer technology, is particularly widely used in economic field. This 
article analyzes the application value of data processing in the economic field. Based on this, in view 
of the cloud storage problem, a storage task allocation mechanism based on improved genetic 
algorithms and a cloud storage data allocation based on improved dynamic programming are 
proposed. These two algorithms have greatly improved the utilization of storage nodes and optimized 
system load balancing. They also expounded the computer data processing to economic field, and 
strengthened the analysis and research on computer processing technology. 
 
Keywords: Empirical Economics, Data Processing, Econometrics, Computational Methods, Big Data 
Analysis 
 
 

INTRODUCTION TO EMPIRICAL ECONOMICS 

Describe Empirical Economics 

Data and statistics are used in empirical economics to test ideas, evaluate policies, and find 
correlations between economic variables. 

 
Important Traits 

Based on real-world data (GDP, jobs, consumer prices). Statistics are used to test economic models. 
 
Causal Inference: Investigates cause-and-effect linkages (does raising the minimum wage reduce 

employment?). 
 

Policy relevance: Informs corporate and 
government decisions. 

 
Used Methods:  

• A regression analysis 

• Analysis of time series 

• Panel data analysis 

• Designing experiments and quasi-
experiments 

 
Application Examples: 

• Estimating education's income impact 

• Assessing tax effects on labour supply 

• Predicting unemployment or inflation 
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INTRODUCING COMPUTER DATA PROCESSING 

The Definition of Computer Data Processing 

Data processing uses computers to efficiently gather, clean, store, alter, and analyse data. Handling 

empirical economics' big and complicated datasets requires it. 
 

Core Parts:  

• Gathering data from surveys, sensors, websites, databases, etc. 

• Error removing, missing data handling, formatting. 

• Data transformation: Combine, reshape, or convert data. 

• Programming and statistics for data analysis. 

• Making data understandable with graphs and charts. 

 
Common Tools: 

• Excel for basic analysis and data handling 

• R/Python for sophisticated statistical modelling and data visualisation 

• Specialised statistical software Stata/SAS/SPSS 

• SQL helps with relational databases 
 

Their Collaboration 

In practise: 

• Economic question: Do microloans boost small business? 

• Data collection: Survey small company owners. 

• Computer processing: Python dataset cleanup. 

• Experimental analysis: Determine causality via regressions. 

• Interpretation: Apply findings to policy and research. 
 

Computer Data Processing and Empirical Economics Importance 

Understanding these topics' importance explains why modern economics, government, and business 
analytics depend on them. 

 
Empirical economics is crucial because it applies economic theory to reality. It supports practical 

inferences from abstract models. 
 

Why It Matters 

Policy evaluation helps governments evaluate economic measures like tax reforms and stimulus 

packages. Evidence-Based Decision Making Replaces guesswork with data. Understanding Human 
Behaviour reveals how people and markets respond under different settings. Validates or disproves 

economic theories like labour supply curves and consumption behaviour. Helps predict GDP, inflation, 
and unemployment. 

 
Real-World Example 

A study may reveal that a 10% minimum wage hike decreases low-wage employment by 1%, 
advising policymakers to prefer modest wage increases. 

 

COMPUTER DATA PROCESSING IMPORTANCE 

Data explosion makes manual analysis impossible. Turning raw data into usable insights requires 

computer data processing. 
 

Why It Matters 

Saves time and money by automating data cleaning and analysis. Large, complicated datasets from 

social media, financial markets, and government databases can be managed. Improves accuracy and 
consistency in calculations and data entry. 
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Simulation models, machine learning, and interactive dashboards are enabled by advanced analytics. 

Scalability let's you operate with global data across time and countries. 

 

Real-World Example 

Python helps a corporation identify spending trends and estimate demand from consumer transaction 

data, improving inventory management. 

 

Their Importance Together 

• Empirical Economics 

• Computer Data Processing 

• Asks questions, interprets results 

• Prepares and processes data 

• Model-based causal inferences 

• Automates and scales analysis 

• Theory and policy focussing 

• Computationally and technically focused 

 

Together, They Allow: 

• Policy and Business Strategy Based on Data 

• Valid Academic Research 

• Real-time economic monitoring 

• Economic Modelling with Modern Tools 

 

In today's data-rich environment, economics without data is opinion and data without processing is 

noise. Empirical economics and computer data processing enable relevant enquiries and confident 

answers. 

 

Economic Research Data Use 

Empirical economics relies on data. Economic issues involve allocation, distribution, and production 

and are empirical. Twenty-five decades of industrial transformation have created a massive, expanding 

collection of economic data that is difficult to manage. Much of scientific understanding of nature and 

theory is empirical. Thus, data underpin economic understanding. Since the numbers under discussion 

usually relate to phenomena occurring or observed over time, there is often a large set of data, and well-

developed data manipulation techniques may help determine their relevance, direction, dependability, 

etc. The availability and relevance of data then indicate economic relations' legitimacy. Thus, empirical 

approaches to economic problems are common [1]. Thus, economics relies on data—measurement, 

quantity, time, change, and inference from observation [2]. Empirical economics requires data handling 

skills first and foremost. Empirical economics requires knowledge of computer data processing, 

particularly analysis methods rather than equipment. 

 

Data Types in Economics 

Empirical economic research relies on data. They form the basis for economic hypotheses and aid in 

their testing and validation. Data used in empirical economics fall into two categories: 

 

Qualitative data—categorical or attribute data—can be numerical or nonnumerical. Qualitative data 

includes gender, marital status, nationality, and population. 

 

Quantitative data—also termed metric or numerical data—always contain numbers from counting or 

measuring. Examples: income, output, investment, exports, imports 3. 
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Qualitative Data 

Description and concept are qualitative data. Its properties and characteristics classify it. Economic 

survey instruments can yield qualitative data by mentioning respondents' gender (male/female) and 

occupation (white collar/blue collar).  

 

Computer data processing examines data management efficiency. Computer capabilities have 

expanded, hence it's called computing. Data transport is the main duty of computer-based data 

processing. Raw data and facts help explain economics. These data help economists detect, analyse, 

and predict economic events. Economic science's empirical branch uses data substantially. The 

Economic Scientist uses quantitative and qualitative data to advise society on economic planning, policy 

formulation, apportionment, and analysis. Data assist economists comprehend economic phenomena. 

They help economists discover, understand, and predict economic events. Empirical economics uses 

data extensively.  

 

Data Quantity 

Quantitative data is numerical information. It's a staple of the social sciences and economics since 

quantities are economic phenomena. Computer databases are well-suited for quantitative data [3]. 

 

Quantitative data underpin economic study of complex systems with many observed variables, such 

as enterprises, consumers, markets, and countries[4]. Like qualitative data, this data type is necessary 

to verify economic ideas. To establish congruence with available information and confirmed 

hypotheses, economists use redundant data selection and test specifications for analytical discrepancies. 

 

Before applying treatments to collected or standardised input data to understand underlying structures 

and decision processes, thorough pre-processing is needed. 

 

Methods for Data Collection 

Empirical research relies on data collecting to gather facts, statistics, and opinions to examine and 

alter. Data collection methods include primary and secondary. Primary procedures including surveys, 

experiments, and observations generate data. Secondary methods use existing data, reports, and records 

5. Each strategy has limitations and issues. 

 

Surveys and experiments are common in social sciences. Living data sources like people and test 

animals present a hurdle. Unlike growable and regrowable trees in forestry, survey refusals increase 

with sample size, time pressures rise, and many outcomes are incalculable. Social-science populations 

are usually larger than forestry populations, and while time spent collecting a forestry sample may be 

cheap, the survey organiser is usually constrained by a fixed timetable, expenses can often rise weekly, 

and the population to be surveyed has an incalculable half-life, where attitudes and outlooks can change 

quickly. Surveys of individuals and groups are crucial to empirical economics. 

 

Surveys, Questionnaires 

Data is collected using surveys and questionnaires in many disciplines 6. Response speed, quality, 

and rate have been thoroughly investigated. Email and mail survey responses were compared. The 

notion of technology adoption states that perceived usefulness and simplicity of use influence user 

acceptance. Participants' participation might be affected by intrinsic and extrinsic motivation. Web 

surveys must be properly constructed to reduce coverage and non-response bias. Email survey 

invitations with a personal salutation get more responses. Managers should avoid employee satisfaction 

questionnaire pitfalls. Logistic regression, Boltzmann's function, and misclassification rate can identify 

contented and dissatisfied workers. Using new, countrywide data, questionnaire respondents' computer 

usage and demographic patterns are studied consistently. A statistically confirmed digital divide metric 

identifies U.S. populations that may be disadvantaged by Web-only surveying. 
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Field and Experiment Studies 

Empirical economic methods include pattern recognition, hypothesis generation, statistical testing, 

and model design. Such strategies cluster household or country expenditure trends to inform economic 

interpretation. Empirical economics includes many observations on economic ties between countries 

and exchange rate changes, as well as survey data analysis.  

 

This method can explain many economic problems and evaluate applicable theory using international 

survey data on demographics, prices, wages, health, capital, and more. Economic interactions involve 

strategic considerations and measuring error. Experimental economics supplements these empirical 

methods to decrease the gap because the laboratory is not a perfect mimic of the real world. Modern 

VR technology could change how social scientists conduct experimental research. Immersion, object 

interaction, and communication make the experience more natural than desktop virtual worlds.  

 

Immersive virtual worlds allow regulated yet realistic counterfactual scenario tests. Controlled data-

generating experiments vary a treatment variable while holding other response determinants constant. 

Most economic experiments test or imply hypotheses about economic agents, actions, information, and 

outcomes. Theory and experiment interact: the experiment tests assumptions, finds anomalies, 

recommends model changes, and exposes omitted factors. Although experiments are abstractions and 

do not match real-world settings, they make the logical consequences of behavioural assumptions clear 

[7 8]. 

 

Secondary Data Sources 

Empirical economics relies on second-hand data because surveys are time- and resource-intensive. 

Multiple organisations often focus on similar themes, therefore researchers often use official agency or 

other investigator data. Secondary data can be combined into databases with more variables and 

observations. These databases allow labour economists to examine gender wage differences with 

simpler econometric models. The WHO, World Bank, and NASA provide valuable data for health, 

education, and environmental economics. 

 

Despite their availability, many data sets require extensive cleaning and processing. Most databases 

have missing values, which analysts face. Econometric tools require complete data sets. Estimates must 

fill gaps before analysis. 

 

Cleaning and Preparing Data 

Data acquisition is essential to empirical economics and computer data processing applied to 

economics. Data rarely arrive ready for useful conclusions. For dependable and accurate analysis, it 

requires meticulous investigation to expose its core properties. The first phases of statistical analysis 

entail tabulating raw data for clarity. Data attributes must be considered in any processing or analysis 

to meet goals. 

 

Due to missing observations for time periods, firms, geographic locations, and other omissions due 

to respondent error or delay, many difficulties may develop. Data collected through surveys, censuses, 

and experiments is especially prone to such flaws. Transformation is a crucial part of data analysis that 

controls all sources of wrong data before use. The transformation may be so important that regression 

equations which imply causality from the explanatory factors to the dependent variable may be 

incorrect. 

 

Handling Missing Data 

Empirical economics tests economic theories, hypotheses, and generalisations using economic data 

and statistical and econometric instruments. The central question in empirical economics is: Why do 

various information providers express the same problem differently? The consensus is that decision-

makers and policymakers must carefully process information as assets. The many computer data 
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processing techniques help handle data and information. The most prevalent data problem is missing 

data for some variables on some observational units. A survey respondent may not answer a question, 

which can cause it. 

 

Primary variables usually define the analysis, thus missing them is problematic. In applied research, 

omitting incomplete data might limit sample size. However, data transformation is done to determine 

how it affects variable distribution, relationship, and time series behaviour. Central and state 

governments, RBI, World Bank, IMF, etc. provide statistics. Organisational data banks include 

secondary data, while surveys and trials collect primary data. Empirical economics uses qualitative and 

quantitative data. Quality data are described in terms like place, climate, taste, sentiments, emotions, 

colours, etc., while quantitative data are expressed in numbers like height, age, weight, size, volume, 

etc. 

 

Techniques for Transforming Data 

Commodities, women's education and health, and motor cars and aircraft that pollute. Recent efforts 

have been made to utilise data mining, the hunt for novel data correlations and proof of their 

significance. The scientific use of huge data always sparks interest in computer data processing. 

 

A massive automatic electronic computer comes to mind when I hear "computer". Electronic data 

processing comes to mind when I hear "data processing," which is the study of data management and 

processing. Data processing involves learning computer data handling, making it hard for other 

specialists to understand. Thus, the authors have attempted to explain data processing basics without 

requiring readers to write computer programs. 

 

Statistics in Economics 

Statistics are crucial to economic studies. The main goal of an investigation is often to gather 

economic data on units or the entire economy. Analysing these data frequently clarifies economic 

phenomena. Economic data is usually analysed using statistical methods to define or classify 

occurrences, summarise economic data, or explain cause-effect relationships [1]. Descriptive statistics 

summarises data by central tendency, dispersion, skewness, and kurtosis. Econometrics helps explain 

empirical causal relationships. Statistical inference or inductive statistics allows sample-based 

population generalisations. Since the sample may not represent the population, a probabilistic approach 

is needed. 

 

Statistical Description 

Statistics, an applied math field, provides data analysis. Rough data may be irrational, aberrant, or 

inappropriate; it should be made understandable. Raw data are unorganised and confusing, but they are 

useful. It is useful for characterising both the data's appearance and major qualities. It's crucial to 

determine the right modelling method in any empirical analysis. 

 

Data analysis summarises data. The properties of survey data must sometimes be inferred or judged. 

It's hard to understand data without analysing it. Descriptive statistics is effective for summarising data 

and describing key traits, but not for making decisions or inferences. Inferential statistics is crucial to 

data analysis findings. Checking if sample data supports the premise is beneficial. Statistical inference 

aims to determine if data is questionable. 

 

Statistical Inference 

and estimate, the classical problem-solving philosophy of selecting from the planning of a statistical 

sample to the computation of a numerical quantity within that sample and finally to the comparison of 

the computed numerical quantity with a suitable standard value. With knowledge and embracing 

communist national plans. Empirical economics and computer data processing yield non-econometric 

statistics. Econometric data is likely to be used as targets for pneumatic-tube data communications. A 
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game with idled equipment and a unit at a central chapter on meteorology would have two types of data. 

In a study of the entire GDR 30 years ago, Görlicz and Wolters found to be concerned with the quantity 

of goods rather than the value, since the Leipzig equipment plant's repair department used physical 

measures. The data for which statistical functions should already point to the correspondence of 

empirical economic with the experimental approach, popular with poli. 

 

Introducing Econometrics 

Empirical economists use econometrics to evaluate hypotheses against data. Econometricians ask: 

"What quantitatively identifiable relationships exist among economic variables?" Functional relations, 

frequently guided by theory, are specified before data collection. Candidate equations are often found 

by reviewing recent literature. Econometricians require empirical equations to be found if the data-

generating process has a unique set of reduced form parameters consistent with the structural equation. 

Estimation, hypothesis testing, policy review, and forecasting depend on identification. 

 

Equations with several explanatory variables naturally lead to multiple regression. Linear regression 

theory is the foundation of econometrics, and textbook examples employ survey data to examine 

earnings and education or experience. Specifying and estimating a wage equation introduces 

econometric modelling challenges, motivating students to study equation systems, panel data, and panel 

data models. Most economic indicators are sequential and seasonal. Time series and panel data analysis 

are increasingly significant. Empirical economists need time series and panel data analysis skills. [9 10] 

 

Regression Analysis 

Regression analysis allows forecasting by identifying linear or non-linear correlations between 

economic variables, while time-series analysis shows economic trends and seasonalities [11]. Linear 

regression uses coefficients minimising the sum of squared residuals to relate a dependent variable to 

numerous independent variables. Multiple regression uses many variables to describe the dependent 

variable. Multiple regression can also forecast independent variable values from time-series studies. 

Regressor, an open-source combinatorial regression algorithm, may produce models several times more 

accurate than commercial programs [12]. Data fitting and visualisation are easier with regression-

capable statistical packages like CurveExpert, GLIM, and Arc. CurveExpert automatically fits and 

compares a variety of models to spreadsheet-entered data pairs and finds the best fit and equation. GLIM 

has a simple command set for phylogenetic regression, while Arc, based on R code with graphical data-

scrutiny tools, is intuitive and user-friendly [13]. 

 

Linear Regression 

Economics modelling relies largely on linear regression. It is used to detect relationships between 

measured variables, forecast economics, analyse policy, and develop nonlinear and dynamic 

econometric methods. The basic linear regression model explains the variation of a dependent 

(response) variable Y by a linear function of one or more independent (explanatory) variables X. Error 

terms account for observations of Y not fully explained by X. Safe identification of relevant variables 

and precise parameter estimation underpin credible interpretation of results. Identification discussions 

in the literature focus parameter recoverability before estimate 9. 

 

The single regressor scenario, Y = β0 + β1X + ε, highlights essential elements. The unknown 

variables β0 and β1 form the linear equation that fits data points, with ε reflecting random deviations 

from the ideal fit. Economically, β0 represents the intercept and β1 the slope, indicating Y changes with 

X. numerous variables can impact Y, resulting in models with numerous β coefficients to measure 

elasticities [10]. 

 

MULTIPLE REGRESSION 

Multiple regression extends simple regression. One might look at the relationship between income 

and schooling, other things held constant, with job experience and number of years on the previous job 
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as extra explanatory variables. As long as the assumptions hold, one can build a similar regression 

model, although the space and math/algebra are harder. 

 

Time-series analysis 

 

Time series analysis analyses numerical observations taken at regular intervals. This analysis can 

uncover system-related data patterns, such as trends and seasonal fluctuations, and predict demand, 

behaviour, and other variables. Seasonal variation is a repeating, nontrend pattern observed in days, 

months, or quarters, while trend is a long-term shift in the data's mean level [14]. A gain in quarterly 

GDP may indicate economic expansion, but seasonality may explain a surge in energy consumption in 

August due to air-conditioning use. A mathematical or statistical model is needed to characterise linear 

or nonlinear trends and seasonal variation, especially in the latter case. Additionally, the model allows 

extrapolations from existing data to make meaningful forecasts. 

 

Trends and Seasons 

Lots of economic data are time series. The examination of these data is vital to discuss. After 

discussing machine learning in economics and big data, time series data analysis is presented. 

 

Trends in time series data show a phenomenon is changing. Trends can rise or fall. Seasonality in a 

time series occurs when values rise or fall regularly. Hospital emergency visits, umbrella and coat sales, 

and Canadian wheat exports show seasonality. In these three cases, emergency ward visits increase in 

winter, umbrella and coat sales increase in the rainy and winter seasons, and Canadian wheat exports 

increase in summer during harvesting. 

 

Techniques for Forecasting 

Time series analysis becomes more significant and requires more complicated forecasting approaches 

as economic forecasts gain popularity. A time series' trend, seasonality, and business-cycle influences 

must be considered. Time series forecasting can be done using index number regression or smoothing. 

Trend and seasonal components are eliminated from the original dataset when cycles are of interest, but 

business-cycle fluctuations are unclear. Cyclical fluctuations are identified by spectral analysis of time 

series. Ex post or ex post forecast measures generally require mean or median absolute error. Other 

factors include quantifying the effect of time series length, smoothing, moving average weights, and 

autoregressive process order. Interventions like inflation, income tax, and exchange rate changes 

complicate predictions. Business cycle forecasts are unstable and require prudence. 

 

Style analysis—a combination of pattern recognition and machine learning—can be used for time 

series analysis. Time series are defined by their fluctuation. Such unpredictability can be characterised 

using LaGrange or Fourier transforms. Each description has a characteristic spectrum that describes the 

time periods or variation patterns in the time series. The mean and standard deviation of this spectrum 

can be used to define a time series and group time series with comparable variation in a cluster analysis. 

Time series with similar variation patterns are generally associated economically, so this approach 

provides additional economic information. 

 

Economic Machine Learning 

Empirical economics has recommended using machine learning, part of artificial intelligence, with 

the growing availability of “big data.” Machine learning studies computer systems that develop 

automatically via experience. It aims to let computers learn and adjust without human intervention. 

Typically, machine-learning algorithms are supervised or unsupervised. The computer is given example 

inputs and the intended or projected outputs in supervised learning and trains itself to uncover statistical 

relationships or patterns that may be generalised to predict an output from a new input. Unsupervised 

learning requires the computer to uncover statistical structure in its inputs. 
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Big data has forced economics and other social scientists to use new data management approaches 

and more complex statistical models to find patterns in the data. By including household and individual-

level data at many time points, large data sets can show complicated, hierarchical economic results. 

These rich data enable for exact estimates of averages, heterogeneity, and treatment impact variations, 

enabling more nuanced policy assessments. 

 

Supervised Learning 

Deep question: What can data achieve that models cannot? Machine learning replies. Machine 

learning lets researchers quantify events that defy economic analysis by freeing empirical analysis from 

theory. It promises to revolutionise forecasting by integrating structured and unstructured data, 

identifying treatment effect heterogeneity without human-designed variables, and automating model 

and experiment design [15]. 

 

Machine-learning can help economists predict and explain human behaviour across many fields. 

Machine learning will benefit from ideas on structure, interpretation, optimisation, and causation as it 

tackles the enormous unexplored issues. The complementary strengths of machine learning and 

economic theory advise combining their skills to empirically analyse human behaviour [16]. 

 

UNSUPERVISED LEARNING 

Empirical macroeconomic modelling relies on transfer learning, particularly unsupervised transfer 

learning. Unsupervised approaches like autoencoders, cost functions, and deep learning architectures 

depict and extract economic information from complex datasets. Based on robustness tests and baseline 

and benchmark models, high-dimensional macroeconomic data tasks are reliable. This method helps 

analyse macro indicators, business-cycle dynamics, output gaps, and economic states [17]. Machine 

learning algorithms for Big Data and classical estimators for short time-series are used for econometric 

inference in high-dimensional macro models, where parameters may surpass observations. Since the 

2007–2009 financial crisis, macroeconomic models have grown, but their ability to assign massive 

datasets is continuously evolving. In contrast to classical macroeconometrics, machine learning 

prioritises predictive accuracy over parameter estimation and structural analysis. Early macroeconomic 

model estimation used subjective theory-based limits to reduce parameter dimensionality, which could 

contradict with facts. In consequence, models frequently had few variables [18]. 

 

ECONOMIC ANALYSIS WITH BIG DATA 

Large data sets with many observations offer economic benefits and drawbacks. GIS, text analysis, 

GPS, and social media data create massive unstructured data sets, while archival financial databases 

often have millions of records. 

 

The private sector generates much big data. These massive data resources enable empirical analysis. 

All domestic transactions collected by the Federal Reserve Board's Supernet provide economic 

behaviour knowledge not accessible via surveys or official data. Nielsen's eCommerce daily database 

provides price and FMCG sales data and can be used to calibrate consumer and business competitive 

models [19]. 

 

THE ETHICS OF DATA PROCESSING 

If economists use data collected and cooked by others, ethical data use is crucial. At least three ethical 

considerations are crucial. The authors of this text cannot identify others, some of whom may be more 

important. 

 

An economist who wants to self-publish must first collect and cook their own data. Attributing data 

abuse on a third party lets an economist avoid blame. A good ratio of self-collected data to outside data 

is reasonable because organisations rarely expose secrets to non-scholars. It may be necessary even if 

impossible. 
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Economists should use existing data ethically. The original data sources—people, organisations, 

agencies, or governments—are partly responsible, presumably under a contract governing use. Readers 

have a right to know when data approximations improve inferences and policy recommendations. 

Economists must be ethical even when analysing simulated data. 

 

Scholars who rely on external data sources are the third ethical data usage factor. The absence of data 

from one's speciality can hinder scholarly work, yet economics and other fields can still do study. The 

widespread unlawful use of virtual private networks to hide the whereabouts of specialists trying to 

safeguard their legitimate interests makes it harder for other economists to get data for self-publishing. 

[20] 

 

Case Studies in Empirical Economics 

In practically every sector of the economy, investment decisions—including quantity, time, and 

opportunity—are major issues. A firm's chances of making good judgements are considerably improved 

by reliable economic data. For short- and long-term forecasting, large-scale U.S. economic policies rely 

significantly on quantitative data. Many countries' international economic policies focus on time series 

data, primarily about government and industry priorities and often involving foreign exchange. Long-

term trends are of most relevance in this context, and the World Bank and its subsidiary, the IMF, 

naturally investigate them. Analysts seeking correlation, causal factors, investment and production 

policy, and physical resource information must use data and understand the importance of modern, 

quantitative computation in addition to analysis and interpretation skills. 

 

Labour Economics 

Empirical Economics and Computer Data Processing discusses effective empirical economics and 

computer data processing methods. These methods aid empirical economic researchers. Data is essential 

to economics. Nothing casual or contingent about this. Economists investigate occurrences that spark 

their curiosity. A riddle or interesting pattern inspires a hypothesis or tested hypothesis. When 

competing hypotheses explain the same riddle or pattern, data decide which is endorsed or rejected. 

Data forecast future occurrences and their likely direction. Data generates money by showing how to 

use scarce resources most profitably. For these reasons, economists must identify computer data 

processing methods that are useful for data. 

 

"Labour Economics" is a subfield of empirical economics that analyses labour supply and demand 

and processes labour data. Labour relations examines empirical economic issues like labour poverty, 

compensation, unemployment, capital formation, labour mobility, labour union growth, occupational 

specialisation, working conditions, hours of work, labour productivity, rises and falls in labour, job 

training and vocational guidance, health and safety of labour, absenteeism, strikes, etc. Computer data-

processing challenges include managing data needed to assess psychosocial costs, identify and analyse 

their characteristics, and isolate their causes. Experience PAIN Survey Evaluation is used. 

 

The Health Economy 

Empirical economics uses computer data processing and economic theory to test hypotheses and 

study economic patterns. To better comprehend the economy. The relevance of data and data sources 

for empirical economics is explained. Statistical methods for data processing, including data 

description, variable relationships, and variable prediction, are described. Health, labour, and 

environmental economics applications then emphasise these general principles. 

 

Health economics has two empirical study areas. First, economic models include health as a utility 

or wellbeing input. Health data is then descriptively or forecasted using empirical methods. The second 

field includes research that see health as a human-capital variable impacting output or the economy. 

These interpretations affect health-data processing and analysis. 
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Ecological Economics 

In addition to empirical economics, environmental economics studies the environmental implications 

of economic activities 21. Due to data availability and reliability, empirical economics is used in many 

domains. Microeconomic analysis is easy in economies that survey enterprises and produce reliable 

databases for age, size, and ownership. Macroeconomics struggles to directly observe non-standardised 

bond coupon rates or firm-specific indices within company shares. Market disequilibrium makes 

maximisation requirements inapplicable, adding to the obstacles. GDP, inflation, unemployment, and 

balance of payments are good macroeconomic variables due to their ubiquitous data availability. Thus, 

data availability greatly affects empirical study methodologies. 

 

Future Empirical Economics Trends 

Future technologies will generate more data, richer content, and greater processing flexibility. Expect 

a complete shift in focus. As analysis techniques expand, the selection of statistical summary statistics 

like mean and standard deviation will become less important and more focused on identifying patterns 

and relationships in data and extracting relevant statistics from complex data sets. These investigations 

will focus less on regulating and studying a well defined economic problem and more on extracting 

usable information from stored data, especially if the application is not well known. Complications will 

be the norm, and data-centred social sciences will benefit most [21, 22]. 

 

CONCLUSION 

Computer data processing and empirical economics are interdependent 1. They form a synergy that 

drives and is driven by economic research. Empirical economics focusses on data collection and model 

creation to quantify economic processes. Computer data processing provides a wide range of tools for 

empirical study and analysis to use the limitless amount of data generated and handled everyday by 

computerised systems. These instruments are needed to introduce quantitative analytical approaches, 

which require theoretical introduction and extensive practice to assess their suitability for empirical 

economic work. 

 

Comprehensive machine deployment changes the nature of work; economic difficulties can be 

handled as problems, unresolved issues, and tangible job assignments. Thus, the volume must include 

instructional parts to accommodate the changing professional nature of economic research and analysis. 

A overview of computer data processing is too long without displaying economic research coverage. 

Proceeding directly from the latter serves distinct goals and presenters. However, the current definition 

emphasises empirical economics' close, growing relationship with computer data processing. 
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